EXPLORING LATENT FEATURES FOR MEMORY-BASED QOS PREDICTION IN CLOUD COMPUTING
ABSTRACT:
Increasing popularity of cloud computing as a solution for building high-quality applications on distributed components, efficiently evaluating user-side quality of cloud components becomes an urgent and crucial research problem. However, invoking all the available cloud components from user-side for evaluation purpose is expensive and impractical. To address this critical challenge, we propose a neighborhood-based approach, called CloudPred, for collaborative and personalized quality prediction of cloud components. CloudPred is enhanced by feature modeling on both users and components. Our approach CloudPred requires no additional invocation of cloud components on behalf of the cloud application designers. The extensive experimental results show that CloudPred achieves higher QoS prediction accuracy than other competing methods. We also publicly release our large-scale QoS dataset for future related research in cloud computing.












Existing System:
In existing system the growing number of available cloud components over the Internet, it is time-consuming and impractical to conduct QoS evaluations on all accessible cloud components. Personalized QoS evaluation is required for each user at the user-side. However, a cloud component user in general only invoked a limited number of cloud components in the past and only received QoS performance information of these invoked cloud components. In practice, therefore, conducting realworld evaluations on cloud components to obtain their QoS information from the users’ perspective is quite difficult.
Disadvantages:
· Executing invocations for evaluation purposes becomes too expensive.
· Component users need to focus on building cloud applications on top of various cloud components.
· conducting evaluation on a large number of component candidates would introduce extra cost and effort, and sharply slow down the application development progresses.










Proposed system:
In proposed system identify the research problem of QoS value prediction in cloud computing and propose a novel neighborhood-based approach, named Cloud- Pred, for personalized QoS value prediction of cloud components. CloudPred learns the characteristics of users by non-negative matrix factorization (NMF) and explores QoS experiences from similar users to achieve high QoS value prediction accuracy. We conduct large-scale experiments to study the prediction accuracy of our CloudPred compared with other approaches. The experimental results show the effectiveness of our approach. Moreover, we also publicly release our large-scale QoS dataset for future research.
Advantages:
· Conducting evaluation on a large number of component candidates would introduce minimum cost and effort.
· Experimental results show the effectiveness of our approach.





SYSTEM CONFIGURATION:
HARDWARE CONFIGURATION:
· Processor		-	Intel 3
· Speed		-           2.5 Ghz
· RAM		-    	2GB(min)
· Hard Disk		-   	500 MB
· Key Board		-    	Standard Windows Keyboard
· Mouse	           -    	Two or Three Button Mouse
· Monitor		-    	LCD
SOFTWARE CONFIGURATION:
· Operating system	-	Windows 7 / 10.
· Coding Language	-	ASP.Net, C#.Net.
· Data Base		-	SQL Server 2008
· Tool		-	VISUAL STUDIO 2010.
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