A HIERARCHICAL ATTENTION MODEL FOR SOCIAL CONTEXTUAL IMAGE RECOMMENDATION
ABSTRACT:
	Image based social networks are among the most popular social networking services in recent years. With tremendous images uploaded every day, understanding users’ preferences on user-generated images and making recommendations have become an urgent need. In fact, many hybrid models have been proposed to fuse various kinds of side information (e.g., image visual representation, social network) and user-item historical behavior for enhancing recommendation performance. However, due to the unique characteristics of the user generated images in social image platforms, the previous studies failed to capture the complex aspects that influence users’ preferences in a unified framework. Moreover, most of these hybrid models relied on predefined weights in combining different kinds of information, which usually resulted in sub-optimal recommendation performance. To this end, in this paper, we develop a hierarchical attention model for social contextual image recommendation. In addition to basic latent user interest modeling in the popular matrix factorization based recommendation, we identify three key aspects (i.e., upload history, social influence, and owner admiration) that affect each user’s latent preferences, where each aspect summarizes a contextual factor from the complex relationships between users and images. After that, we design a hierarchical attention network that naturally mirrors the hierarchical relationship (elements in each aspects level, and the aspect level) of users’ latent interests with the identified key aspects. Specifically, by taking embedding from state-of-the-art deep learning models that are tailored for each kind of data, the hierarchical attention network could learn to attend differently to more or less content. Finally, extensive experimental results on real-world datasets clearly show the superiority of our proposed model.




EXISTING SYSTEM:
In existing system, the standard recommendation algorithms provide a direct solution for the image recommendation task. Many classical latent factors based Collaborative Filtering (CF) algorithms in recommender systems could be applied to deal with user-image interaction matrix. Successful as they are, the extreme data sparsity of the user-image interaction behavior limits the recommendation performance. The problem of how to better exploit the unique characteristics of the social image platforms in a holistically way to enhance recommendation performance is still under explored.
DISADVANTAGE OF EXISTING SYSTEM:
· Due to inefficiency of the existing recommendation system the user recommendation by image has low accuracy.
· Extreme data sparsity of the user-image interaction behavior limits the recommendation performance which leads to low performance.











PROPOSED SYSTEM:
The proposed model is built on the popular latent factor based models, which assumes users and items could be projected in a low latent space. In our proposed model, for each user, in addition to basic latent user interest vector, we identify three key aspects (i.e., upload history, social influence and owner admiration) that affect each user’s preference, where each aspect summarizes a contextual factor from the complex relationships between users and images. The three key aspects are combined to form the auxiliary user latent embedding. Furthermore, since not all aspects are equally important for personalized image recommendation, we design a hierarchical attention structure that attentively weight different aspects for each user’s auxiliary embedding.
ADVANTAGE OF PROPOSED SYSTEM:
· The attention networks could learn to attend differently based on the rich contextual information for user interest modeling.
· It identifies three social contextual aspects that affect users’ preferences from heterogeneous data sources. 










SYSTEM CONFIGURATION:
HARDWARE CONFIGURATION:
· Processor		-	Intel 3
· Speed		-    	1.1 Ghz
· RAM		-    	1GB(min)
· Hard Disk		-   	500 GB
· Key Board		-    	Standard Windows Keyboard
· Mouse	           -    	Two or Three Button Mouse
· Monitor		-    	SVGA
SOFTWARE CONFIGURATION:
· Operating system	-	Windows 7.
· Coding Language	-	ASP.Net, C#.Net.
· Data Base		-	SQL Server 2005
· Tool		-	VISUAL STUDIO 2008.
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