QOS RANKING PREDICTION FOR CLOUD SERVICES

ABSTRACT:
	Cloud computing is becoming popular. Building high-quality cloud applications is a critical research problem. QoS rankings provide valuable information for making optimal cloud service selection from a set of functionally equivalent service candidates. To obtain QoS values, real-world invocations on the service candidates are usually required. To avoid the time-consuming and expensive real-world service invocations, this paper proposes a QoS ranking prediction framework for cloud services by taking advantage of the past service usage experiences of other consumers. Our proposed framework requires no additional invocations of cloud services when making QoS ranking prediction. Two personalized QoS ranking prediction approaches are proposed to predict the QoS rankings directly. Comprehensive experiments are conducted employing real-world QoS data, including 300 distributed users and 500 real world web services all over the world. The experimental results show that our approaches outperform other competing approaches.






EXISTING SYSTEM:
	QoS is an important research topic in cloud computing. When making optimal cloud service selection from a set of functionally equivalent services, QoS values of cloud services provide valuable information to assist decision making. In traditional component-based systems, software components are invoked locally, while in cloud applications, cloud services are invoked remotely by Internet connections. Client-side performance of cloud services is thus greatly influenced by the unpredictable Internet connections. Therefore, different cloud applications may receive different levels of quality for the same cloud service. In other words, the QoS ranking of cloud services for a user (e.g., cloud application1) cannot be transferred directly to another user (e.g., cloud application2), since the locations of the cloud applications are quite different. Personalized cloud service QoS ranking is thus required for different cloud applications.
DISADVANTAGES OF EXISTING SYSTEM:
1. This approach is impractical in reality, since invocations of cloud services may be charged.
1. Even if the invocations are free, executing a large number of service invocations is time consuming and resource consuming, and some service invocations may produce irreversible effects in the real world.
1. When the number of candidate services is large, it is difficult for the cloud application designers to evaluate all the cloud services efficiently



PROPOSED SYSTEM:
	In this project, we propose a personalized ranking prediction framework, named Cloud Rank, to predict the QoS ranking of a set of cloud services without requiring additional real-world service invocations from the intended users. Our approach takes advantage of the past usage experiences of other users for making personalized ranking prediction for the current user. 
ADVANTAGES OF PROPOSED SYSTEM:
1. This project identifies the critical problem of personalized QoS ranking for cloud services and proposes a QoS ranking prediction framework to address the problem.
1. Extensive real-world experiments are conducted to study the ranking prediction accuracy of our ranking prediction algorithms compared with other competing ranking algorithms.












SYSTEM SPECIFICATION
HARDWARE REQUIREMENTS:
· [bookmark: _GoBack]Processor		:	Intel Corei3 Processor
· Speed			:   	2.5 GHz
· RAM			:   	2GB(min)
· Hard Disk		:	500MB
· Key Board		:   	Standard Windows Keyboard
· Mouse	        	:    	Two or Three Button Mouse
· Monitor		:    	LCD

SOFTWARE REQUIREMENTS:
· Operating System	  	:	Windows7/10.
· Application Server  	: 	Tomcat6.0/7/8.X.
· Front End			: 	Java , HTML,CSS
· Scripts 		  	:	JavaScript.
· Server side Script	  	:	Java Server Pages.
· IDE		      		:	Net beans 
· Back End			:	MYSQL 5.0/ Heidi SQL 8.1 
· Database Connectivity	:	JDBC
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