QAAN QUESTION ANSWERING ATTENTION NETWORKING FOR COMMUNITY QUESTION CLASSIFICATION

ABSTRACT:
	Community Question Answering (CQA) sitesprovides platforms or users with various backgrounds to obtain information and share knowledge. In recent years, with rapid development of such online platforms, an enormous amount of archive data has accumulated; it becomes more and more difficult for expert users to identify desirable questions. In order to reduce the proportion of unanswered questions in CQA, facilitate expert users to find the questions they are interested in, question classification becomes an important task of CQA, which aims to assign a newly posted question to a specific preset category. In this paper, we propose a novel question answering attention network (QAAN) for investing the role of the paired answer of questions for classification. Specifically, QAAN studies the correlation between question and paired answer, taking the questions as primary part of the question representation, and the answer information is aggregated based on the similarity and disparity with the answer. Our experiment is implemented on YahooAnswer dataset. The results show that QAAN outperforms all the baseline models. 





EXISTING SYSTEM:
	Existing system contains a question classification which becomes a very huge task of CQA, which aims to assign a specific preset category to each question. Specifically, the question classification task uses re-posited question-answerpairstosolvenew-comingpostsfromusers,to facilitate users to answer the questions that belong to their more efficiently. However,itisdifficulttoassign questions to pre-defined categories in the community since a large number of synonyms, semantic features, and syntactic features in natural language.The conventional methods based on term frequency are not able to solve Long-term Impact Prediction (LIP) problem. The redundancy is prevalent in CQA, which makes it even more difficult to identify the semantic meaning of different questions.
DISADVANTAGES:
· Whether we treat the prediction of the questions and the answers separately (single) or jointly (paired).
· The system is not able to withstand for longer period and leads to Long-term Impact Prediction (LIP) problem.
· Also, it difficult for the users to identify the optimal/suitable answer in time.

	




PROPOSED SYSTEM:
Theproposedsystem has a Question Answering Attention Network (QAAN) for question classification of CQA, which uses an attention mechanism to assign different attention weights to questions and their paired answer. Therefore, the performance of question classification in CQA can be improved. Here, the users of CQA can be simply categorized into two types, expert users and common users.Expert users often specialize in certain domains, who are able to provide very detailed and professional answers. Common users who get detail understanding of the answers will give likes and make that answer get attention of other users to acknowledge themselves. 

ADVANTAGES:
· It helps to provide a regularized optimization formulation to jointly predict the suitable questions and paired answers.
· By using this method for attention of answer the redundancy can be reduced.
· It handles both continuous and discrete data and highly scalable with the number of predictors and data points.






SYSTEM SPECIFICATION
HARDWARE REQUIREMENTS:
· [bookmark: _GoBack]Processor		:	Intel Core i3 Processor
· Speed			:   	2.5 GHz
· RAM			:   	2GB(min)
· Hard Disk		:	500MB
· Key Board		:   	Standard Windows Keyboard
· Mouse		:    	Two or Three Button Mouse
· Monitor		:    	LCD

SOFTWARE REQUIREMENTS:
· Operating System		:	Windows7/10.
· Application Server  	: 	Tomcat6.0/7/8.X.
· Front End			: 	Java , HTML,CSS
· Scripts 			:	JavaScript.
· Server side Script		:	Java Server Pages.
· IDE				:	Net beans 
· Back End			:	MYSQL 5.0/ Heidi SQL 8.1 
· Database Connectivity	:	JDBC
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