VIOLENCEDETECTIONFROMVIDEOUNDER2DSPATIO-TEMPORAL REPRESENTATIONS

ABSTRACT: 
Action recognition in videos, especially for violence detection, is now a hot topic in computer vision. The interest of this task is related to the multiplication of videos from surveillance cameras or live television content producing complex 2D + t data. State-of-the-art methods rely on end-to-end learning from 3D neural network approaches that should be trained with a large amount of data to obtain discriminating features. To face these limitations, we present in this article a method to classify videos for violence recognition purpose, byusingaclassical 2D convolutional neural network(CNN). The strategy of the method is two-fold:  we start by building several 2D spatio-temporal representations from an input video, the new representations are considered to feed the CNN to the train/test process. The classiﬁcation decision of the video is carried out by aggregating the individual decisions from its different 2D spatio-temporal representations. An experimental study on public datasets containing violent videos highlights the interest of the presented method.



EXISTING SYSTEM:
The aim of our proposed system is to develop an intelligent surveillance system which detects violence in given video frame. The intelligent surveillance system first learns features and then trains on those learned features. It detects violence in given video and if violence is detected in frames, it will send alert to respective authorities and store detected frame in local database. The input for the system will be a video frame and output will be in binary form that is either violent frame or non-violent frame. The system is created in such a way that it helps the user by determining whether the crime occurs or not in a short video sequence. This system can help Government Agencies to response faster. In our system, we are using TensorFlow GPU libraries to use GPU along with CPU to build the system that is capable of exploiting parallelization for fast processing. 

DISADVANTAGE:
· The importance of temporal information is huge but 2D CNN provides only the spatial information.
· Since only one node has been used as output, it gives one of two values: true or false.






PROPOSED SYSTEM:
Nowadays, deep neural network (DNN) methods, which are trained in an end-to-end manner, lead to remarkable performances for video classiﬁcation. Mostly used DNNs are convolutional neural networks (CNNs). When dealing with such data CNNshavetheabilitytolearnspatio-temporalfeatures, generally by using 3D convolutions. For example the C3D and I3D models demonstrated outstanding results for action recognition. Others propose two-stream networks that take into account the raw values from video and optical ﬂow in order to capture respectively the appearance andthe motion. Featuremapsfromthetwonetworks are then merged together before a dual connected layer employed to take the decision. We ﬁnd also the representation ﬂowmodelthatcapturestheﬂowofﬂowbyprocessingframe by frame .Due to the large size of the videos, most of these architectures cannot consider the video as a whole, but videosaresplitintonon-overlappingclipsoffewframes(e.g. 16 frames) which are inputed to the networks. The decision in all these methods is taken with a late fusion of the learned features followed by a classical fully connected layer.






ADVANTAGE:
· To achieve good performance, we beneﬁt of a pre-trained CNN.
· Indicate the average overall accuracy is high.





SYSTEM SPECIFICATION
HARDWARE CONFIGURATION:
1. Processor             -	     I5
1. Speed	           -    3 GHz
1. RAM	           -    8 GB(min)
1. Hard Disk            -     500 GB
1. Key Board		-    Standard Windows Keyboard
1. Mouse		-   Two or Three Button Mouse
1. Monitor	            -   LCD

SOFTWARE CONFIGURATION
1. Operating System: Linux, Windows/7/10
1. Server: Anaconda, Jupyter,pycharm
1. Front End: tkinter |GUI toolkit
1. Server side Script: Python , AIML
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