BREAKTHROUGH CONVENTIONAL BASED APPROACH FOR DOG BREED CLASSIFICATION USING CNN WITH TRANSFER LEARNING

ABSTRACT: 
Dogs are one of the most common domestic animals. Due to a large number of dogs, there are several issues such as population control, decrease outbreak such as Rabies, vaccination control, and legal ownership. At present, there are over 180 dog breeds. Each dog breed has specific characteristics and health conditions. In order to provide appropriate treatments and training, it is essential to identify individuals and their breeds. The paper presents the classification methods for dog breed classification using two image processing approaches 1) conventional based approaches by Local Binary Pattern (LBP) and Histogram of Oriented Gradient (HOG) 2) the deep learning based approach by using convolutional neural networks (CNN) with transfer learning. The result shows that our retrained CNN model performs better in classifying a dog breeds. It achieves 96.75% accuracy compared with 79.25% using the HOG descriptor.
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DISADVANTAGE:
· It will take lot time to reach to the bottom.
· This is important to note that the initial data in these experiments were relatively small.




PROPOSED SYSTEM:
This is a multiclass classification problem with 120 classes representing different breeds of dogs. Input is given as an image and the goal is to classify it to its appropriate class. The problem is tackled as an Image Classification problem using Deep Convolutional Neural Network. Further on, transfer learning technique is used to improve accuracy.Convolutional neural networks (CNN) are used for feature extraction and they have become very famous due to different architectures present in some frameworks. The Convolution part of the CNN is built using two main components, namely Convolution layers, and Pooling Layers. The convolution layers increase the depth by computing the output of neurons connected to local layers. Pooling layers perform downsampling. CNN is used to extract the feature vectors from input images. An ANN model classifies the input based on the feature vector provided by CNN.



ADVANTAGE:
· CNN with transfer learning achieves a significant accuracy of 96.75%.
· The LBP algorithm assigns labels to every pixel of an image using the threshold of neighbor pixels around the center pixel value and forms a binary number.
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SYSTEM SPECIFICATION
HARDWARE CONFIGURATION:
1. Processor             -	     I5
1. Speed	           -    3 GHz
1. RAM	           -    8 GB(min)
1. Hard Disk            -     500 GB
1. Key Board		-    Standard Windows Keyboard
1. Mouse		-   Two or Three Button Mouse
1. Monitor	            -   LCD




SOFTWARE CONFIGURATION
1. Operating System: Linux, Windows/7/10
1. Server: Anaconda, Jupyter,pycharm
1. Front End: tkinter |GUI toolkit
1. Server side Script: Python , AIML
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